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Answer Area

Returning a bounding box that indicates the location of a vehicle in an
image is an example of AA: LY £4
image classification. G b Ath
object detection.

optical character recognizer (OCR).
semantic segmentation.

e =

Answer:

Answer Atea \/| i crosoft

Returning a bounding box that indicates the location of a vehicle inan
image is an example of A -
image.classification.
objectdetection. |

optical character recognizer (OCR).
semantic segmentation.

Reference:
https://docs.microsoft.com/en-us/azure/cognitive-services/computer-vision/concept-object-
detection
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Principles Answer Area
Faimess | I ¢ ) ) ] : ' The system must naot discriminate based on gender, race
Privacy and security [ . Personal data must be visible only to approve
Reliability and safety : ' Automated decision-making processes must be recorded so that approved users can
e [ identify why a decision was made
Transparency
Answer:
Principles Answer Area
Fairness ‘ | Fairness l The system must not discriniinate based on gender, race
Privacy and security | Privacy and security Personal data must be visible only to approve
Reliability and safety | | Transparency '\ Auwemated decision-making processes must be recorded so that approved users can
"""" : identify why a decision was made
Transparency
Reference:

https://docs.microsoft.com/en-us/azure/cloud-adoption-framework/innovate/best-practices/trusted-
ai
https://docs.microsoft.com/en-us/learn/modules/responsible-ai-principles/4-guiding-principles
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ANnswer Area . &ia
EE‘-EU detection ¥ can be used ta :{iﬁnhfy-% m\'::'lf.i-('.‘-"l-ﬂ-‘;'l.;.'6&]\‘1&!; ona conveyor belt
Image processing
Object detection
Optical character recognition (OCR)
Answer:
Answer Area

{ detection ¥ gan belused toddentify the location of products on a conveyor belt

Image processing
Object detection

Optical character ro(o_gnn:_ioq (OCR)
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Statements Yes No
You can communicate with a bot by using email. O O
You can communicate with a bet By using Microsoft Teams. O 0
You can communicate with a bot by sing 4 Webchalhteffaca. O o)

Answer:

Statements

You can communicate with a bot by using email. O

You can communicate with a bot by using Microsoft Teams. E

You can cminunicate with & bot by using a webchat interface. [O]
IVIIWLIOWI L

Reference:
https://docs.microsoft.com/en-us/azure/bot-service/bot-service-manage-channels?view=azure-
bot-service-4.0 All 3 are correct as they are the different channels to connect with a bot Office 365
email - Enable a bot to communicate with users via Office 365 email.

Microsoft Teams - Configure a bot to communicate with users through Microsoft Teams.

Web Chat - Automatically configured for you when you create a bot with the Bot Framework
Service.
https://docs.microsoft.com/en-us/azure/bot-service/bot-service-manage-channels?view=azure-
bot-service-4.0
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Arower ose lll Mi
|C"Q.§9 o:
The Azure Al Cus:om Vision service n objects in an image. O
The Azure Al Custom Visi es that you provide your own data to train the :
The Amrew e can be used to analyze video files
Answer:

Arperer Area :
";S?o o -
Thie Azure Al Custom Vision sendce u& s detect obyects in an image.

VNS . \ AN erﬂoﬁ

The Azure Al Custom \

~

can be used 10 analyle video fled D
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Answer Area

As part of the Microsoft responsible Al principles, customers must

i ir in sage ¥ | before they can use Azure OpenAl.
commlt to a minimum level cf exp endlture

obtain approval based on their intended usage
pay an upfront fee

provide their credit card details =i M i C ro S Oft

Answer:

Answer Area

As part of the Microsoft responsible Al principles, customers must | obtaillapBteval bal

- Aa
Teke ﬁ'ﬂ tandedusaae ¥ | before they can use Azure OpenAl.
[cogoml il bféxpenditue |

obiain approval based on their intended usage
pfront fee

e f*redit card details

-l .

BHERE: 7

RDEZERAT—FAVRIDWT RT—FAY
BRI [WWA]ZRIRLET,

I WEREZENRTNARS D FOMEENHY FT,

FAtrueDIGFE L, [IEWEBRLET, TS D




Answer Area
Microsof

%tatements

Automated machine learning is the process of automating the times™ |\
consuming, iterative tasks of machine Ieamngmode;maﬂopm@t n B

Automated machine learning cag Wﬂ" cé‘]ly infes tﬁef”rammg data
from the use case phm;dewi o

Automated machine cﬁmﬁg works by running multiple training ®)
iterations that are scored and ranked by the metrics you specify.

Automated machine learning enables you to specify a datasetand wil O
automatically understand which label to predict.

Answer:

Answer Area Microsoft
Statements

i :} i
-
-

iterations that are scofed @nd ranked b}.r the metrics you SﬂE[:If}' E

Automated machine learning enables you to specify a datasetand wil O
automatically understand which label to predict.

=]

O

£
Reference:
https://azure.microsoft.com/en-us/services/machine-learning/automatedml/#features
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Answer: AB (A —vt—U%EY)
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B.F1Xa7

C. —ETHYFEALIRKRE RMSE)

D. iR TEFE AUC)
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Answer: AC (A —vyt—T %K)

A: R-squared (R2), or Coefficient of determination represents the predictive power of the model
as a value between -inf and 1.00. 1.00 means there is a perfect fit, and the fit can be arbitrarily
poor so the scores can be negative.

C: RMS-loss or Root Mean Squared Error (RMSE) (also called Root Mean Square Deviation,
RMSD), measures the difference between values predicted by a model and the values observed
from the environment that is being modeled.

Reference:

https://docs.microsoft.com/en-us/dotnet/machine-learning/resources/metrics
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Answer Aréa

Statements

Azure Bot Service and Azure Congnitive Services.can befintegrated.

Azure Bot Service engages with customersin as«conversational manner.

Azure Bot Service can import frequently asked questions (FAQ) to question
and answer sets.

Answer:
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Answer Area

Statements

Azure Bot Service and Azure Congnitive Services gan be integrated.

Azure Bot Service engages with customers in a conversational manner. O

Azure Bot Service can import frequently asked quaﬁrons (FAQ) to question

O
and answer sets. M ICIOS Oft

Reference:
https://docs.microsoft.com/en-us/azure/bot-service/bot-builder-tutorial-add-gna
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A E41k

B. EBHAHEE
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D. r—o it

E. MRt

Answer: B,C,.D (A —vt—T %5%7)
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Counting the number of animals in an,aréa based @n ayideo feed is an example of | computer vision.
forecasting.

knowledge mining.
anomaly detection.

= e NCEOEOft

Mcr@sost

Counting the number of animals in a_n_a!:i-:i'baseé\on'_a video feed is an example of | computer vision.
A" @ forecasting.

knowledge mining.
anomaly detection.
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B. Azure OpenAl Whisper €T JL

C. GitHub Copilot —E X

D. Azure OpenAl GPT-4 €T /L

Answer: (&% &RT~9 5)

EFTERE: 14
XESTREEDHICIE, BAEEETEIGA T a v EBRLET,

Ensuring an Al system does not provide a prediction wiien important fields contain unusual
or missing values is w| principle for responsible Al.

an inclusiveness
a privacy and security

N 2 reliability angd safety
! 'itianswaieng‘

Answer:

| : :
Ensuring an Al system does not provide a prediction whenimpoftapt fields eeritain unusual
or missing values is w| principlé for responsible Al

an inclusiveness %
a privacy and security

a reliability and safety
a transparency

Reference:
https://docs.microsoft.com/en-us/azure/cloud-adoption-framework/innovate/best-practices/trusted-
ai
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Answer: C (A —vyt—T%EY)

Clustering is a machine learning task that is used to group instances of data into clusters that
contain similar characteristics. Clustering can also be used to identify relationships in a dataset
Reference:

https://docs.microsoft.com/en-us/dotnet/machine-learning/resources/tasks
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Answer:

See the below in explanation

Explanation:

Classification

Using Recency, Frequency, and Monetary (RFM) values to identify segments of a customer base is an example of classification. ot
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Answer: (&% &RT~9 5)

The None intent is filled with utterances that are outside of your domain.
Reference:
https://docs.microsoft.com/en-us/azure/cognitive-services/LUIS/luis-concept-intent
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Statements Yes No

A restaurant can use a chatbot to empower customers to make W, ¢ Jp——. T
reservations by using a website or an app. Vit >

A restaurant can use a chatbot to answer inquiries about business O e
hours from a webpage.

A restaurant can use a chatbot to automate responses to customer O 0O
reviews on an external website.
Answer:
Statements Yes No
A restaurant can use a chatbot to empower customers to make e O

reservations by using a website or an app:

A restaurant can use'a chatbot 1o answer.inquiries about business O O
hours from a webpage.

A restaurant can use a chatbot to automate responses o gustomer § O
reviews on an external website. ' e

Reference:
https://docs.microsoft.com/en-us/azure/bot-service/bot-service-overview-introduction?
view=azure-bot-service-4.0
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Answer: B (A —vt—T %KY
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Workloads Types Answer Area = _
| I TS |
| Anomaly detection | Workload Type ; :gaaul'tﬂ Pe%antgg gr?gtg)?cﬁgﬁggr Qenilons

- ‘s ' | Determining whether a photo contains
| Computer vision | | Workload Type | aperson

_ Conversational Al Workload Type _ EF},E‘Q”;H‘JQ“ whether a review is positive

| Knowledge mining

Matural language processing

Answer:
Workloads Types Answer Area
[ - vh-
= : . . _.-‘ ’ \ .
Anomaly detection Conversational Al | Q automated chat to answer questions
e ——— | about refunds and exchange

' Determining whether a photo contains
| aperson

Computer vision

Computer vision

Determining whether a review is positive
or negative

L

Conversational Al | Natural language processing

Knowledge mining |

Natural language processing

Reference:
https://docs.microsoft.com/en-us/azure/architecture/data-guide/technology-choices/natural-
language-processing
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A. Face

B. 7X—I/L7IEEE

C. Azure Al Document Intelligence

D. 7X—=IL7I hRBZLEYIY

Answer: C (A —vt—T#ET)
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Answer: (&% %KT9 D)

Reference:
https://azure.microsoft.com/en-gb/services/cognitive-services/speech-to-text/#features
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IVIicrosoftt

From Azure Machine Learning designer, to deploy a real-time inference pipeline as a senice for

others to consume, you must deploy the model ta -
a localweb senvice.

Azure Container Instances.
Azure Kubemetes Senice (AKS)
Azure Machine Learning compute.

Answer:
Answer Area

From Azure Machine Learning designer, to deploy a real-time inference pipeline as a service for
others to consume, you must deploy the model to_.. P-10% -
a localweb'service.

Azure Container Instances.
Azure Kubernetes Service (AKS).

Azure Machine Learning compute.

‘Microsoft

Reference:
https://docs.microsoft.com/en-us/azure/machine-learning/concept-designer#deploy
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D. &

Answer: D (A —vyt—T%EY)
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A. SREARE

B. FEHAM

C. A

D. @&

Answer: B (A —vt—T#EY)
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Answer Area

Dala values that use@htg make a piédiction are called features v
dependant variables

|'i. Al
identifiers
fabels

Answer:
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Data values that used ta make a prediction are called features. v

identifiers.
labels.
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| Object detection N I is Used to identify multiple types of items in one image.
Image classification
Image description
Optical character recognition (OCR)
Answer:

| Object detection 7w | is used 1o identify multiple types of items in one image.
Image classification ' &
Image description

| Object detection
Optical charagierieaRg RIoS

licrosoft
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Answer Area

You can use the

rf to cQMH model by using your own images.
a

Azure Al Custon‘“/ision

Bk

Answer:

Answer Area

You can use the _A
Azure Al Computer Vision

Azure Al Custom Vision | Eﬂ . .

Azure Al Documéfit e ‘ .
Azure Video Anal&r‘:!e a 5 M IC I’OSOft

. ,ﬁ to ®0ccetection model by using your own images.
L
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A.EEY—EX

B. Azure ¥ E

C. #iiRE

D. Azure 8ol Service

Answer: (&% %KT7 D)
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A. C#

B. Scala

C. Python

D.R

Answer: (&% &RT~9 5)
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Answer Area
[ Optical character recognitiond®CR) & _'1 extracts text from handwritten documents.
Object detection
Facial recognition
Image classificatiop
Optical chararter racognition (OCR)
Answer:
Answer Area

' Optical character recognition (OCR) V] extracts text from handwritten documents.
Object detection
Facial recognition
Image classification

Optical chidiacter reeggnition (OCR)
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=Microsoft

You can communicate with a bot by using Curt%ﬁﬁ f
M

You can communicate with a bot by u rosoft Teams.

B\,‘t\&?
.%
‘j’:‘%

You can communicate mtl;&@ﬁsmg a webchat interface,

ﬁ%
Answer:
sl Crosoft Gk
You can commumnicate with a bot by using Cortana D
You can communicate with a bot by using Microsoft Teams. D

You can communicate with a bot by Using a webchat interface, D
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Workloads Types Answer Area
Facial recognition Workload Type Identify celebrities in images.
Image classification Workload Type ﬁ’gﬁgpﬁ‘;ﬁfﬂ‘aeggmes from
Object detection " Warkioad Type Locate vehicles inimages.
Optical character recognition | | I Cros 0% t

Answer:



Workloads Types Answer Area

Facial recognition ‘ Facial recognition | Identify celebrities in images.

Extract movie title names from

Image classification | . |Optical character recognition (OCR) | = bt
Object detection | Obiect detection Locate vehicles inimages.
Optical eharacler fécognitiop{QERN £ 4-

Reference:

https://azure.microsoft.com/en-us/services/cognitive-services/face/
https://docs.microsoft.com/en-us/azure/cognitive-services/computer-vision/concept-object-
detection
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A—HY—DTAVTMIEDNWTA A—DEERTILELHY FF, ED Azure OpenAl T
WEFERTIBENHY EFIH?

A. GPT-3

B. Whisper

C.GPT-4

D. DALL-E

Answer: D (A —vyt—T#ET)
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Azure Cognitive Services ZfER L T, BEHIEON—VFIL TR EA b 7T) AT HF
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Azure Cognitive Services Z G2 X7 [CEHEFET,
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Services Answer Area

| Azure Al Speech : Convert a user's speech to text.

| Azure Al Language service ;
Identify a user’s intent,

[ Azure Al Translator Text
‘ nA: | - Frowvide a spoken response to the user,

wiot it

VIIEFOSOTT

Answer:
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Services Answer Area

Azure Al Speech Azure Al Speech ﬁnven a user's speech to text.

'Microsoft

Azure Al Language servicelntify a user's intent.

Azure Al Language service

Azure Al Translator Text

Azure Al Speech Provide a spoken response to the user.

FTREE: 39
XEELSTERSEDAEZAZTRRLTLLZE L,

Computer vision capabilities can be deployed to inteqratd a face detection festure into an app.
develOp 8ilext-basedChatbot for a website
Lidéntify anBimalous customer behavior on an online stolfisll B

integrate a face detection feature into an app.
Suggest automated responses 1o incoming email

Computer vision capabilities can be deployed 1o inteqratll a face gletétion feature into an app,

Gevelbp Alextsbased chatl:{:'l for a website

- 5 an online store
_'MICI‘OSOft Imw s 3 face deecton feature into an app.

(suggesl aulomatad 1esponsses o Incomng email.
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EBRAOREHANT ST TINBYVET  TTVERDZ RV EFRITLET,
FEEBERNOEDNEZRELEY

"ERAOEDEEERELET

EFRYTRHEDRAATDaAVE2A—2 EDavMERSAETMN @ET HICIE EEBEET
WG T av@BRLTSEE Y,

FELCERTBFEUICT RS Y FOEELHY FT,

Optcal characher recognition (CCR)

\dentily the speches of the birax: | image Classficanion
Avtomated capton

Cibpect detechon
Optical character: recogretion (00 R)

Answer:



ALBSTUEtEd TR
i g

m MicraSatt

Oprmecal charactier recogasteon (CR)

ety the species of the berte | imasge chasafeansn |
ﬁggﬁﬁh---
E Lee Lo

Oxprcal charaster necogneton (00 R

AT E: 41
XZEELSTERSEDEZAZTRRL T LS,

Answer Area
For a vehicle, predicting the miles per gallon based on weight, engine power, and ather factors is an example of  regression. ¥

anomaly detection
! classification

.: . Iystering

]
M ICI‘OSOf ression.
Answer:

Ancwree Ares s Vlicrosoft

For & wehicle, predicting the miles per gallon based on weight, gngif power, and other factors is an example of | regression.

' elassification.
clustenng

ERHTRIRE: 42
PEEERALTANV L EFRTHETILERELTVET,
ROBRISRY LSS, TRAMT—FTRATY VI ENFEETILDRRTINGHY ET,

B Microsoft

1

FOy A A2 —%FRALT HISRINTVAERICEODVTERT— AV RMERET
TH5RIZEDERFEEZERLET,
L UOEBIRIZEFENEFNIRS > FOMBIEAH Y £3,



Answer Area

There are [answer choice] correctly predicted positiyes.

There are [ant__iirﬁt.éhﬁica] false negatives.

Answer:
Answer Area
There are [answer choice] correctly predicted positives. -
5
11
1,033
13,951
There are [answer choice] false negatives. v
5
11
(1033 ]
KRB
Reference:

https://docs.microsoft.com/en-us/azure/machine-learning/studio/evaluate-model-performance
Finding TP is easy. It basically means the value where Predicted and True value is 1 and that is
11 in this case.

False Negative means where true value was 1 but predicted value was 0 and that is 1033 in this
case The confusion matrix shows cases where both the predicted and actual values were 1
(known as true positives) at the top left, and cases where both the predicted and the actual values
were 0 (true negatives) at the bottom right. The other cells show cases where the predicted and
actual values differ (false positives and false negatives).
https://docs.microsoft.com/en-us/learn/modules/create-classification-model-azure-machine-
learning-designer/evaluate-model

EHTERE: 43



BEEDMEEZFAUT 2ETILEEET BI1Z(X Azure MachineLearningTH 4 +—2EHET 5w
EAHYET,

ETFIERBEIEREOIZEDEIA TOES 12— ILEFERTIDENAHYEIN?EZBIZIL,
BYEED2—IILEELWMERICF S Y LET  EEDa2—LEF 1EFERATLI L EHE
FRTAHIIED FoKFRALBENWIEETEET  AVTUYERTTDICIE, XM VETH
BN—% RSy TTEN RO O0-ILTEILERHIGEENDHYET,

F B OLBEREZRZNIRA Y FOMMENHY FT,

Modules Answer Area

Convertto CSV B Automobile price data (Raw)
K-Means Clustering '

Linear Regression [ ]
Split Data

Select Columns in Dataset Eim?:a:::is:?i?:: .
Summarize Data

[ ) ( |
e  Train Model (/]
[t Score Modsl (/]
|ICYOSOT1

Answer:



Modules Answer Area

Convertto CSV

K-Means Clustering

Linear Regression

Split Data

Select Columns in Dataset

Summarize Data

= Microsoft

) Automobile price data (Raw)

Select Columns in Dataset

% Clean Missing Data <@
! Remove missing value rows
L

Split Data

[ Linear Regression

L

& Train Model

Reference:

[*  Score Model (/]

https://docs.microsoft.com/en-us/azure/machine-learning/tutorial-designer-automobile-price-train-

score

T RE: 44

XETEHSESHICE, MERETEI LA T a vEBIRLET,

Answer Area

Predicting how many hours of overtime a delivery person will work based on

the number of order received is an example of

Micr

Answer:

v

classification.
clustering.
regression.

SOIL



Answer Area

Predicting how many hours of overtime a delivery person will work based on

the number of order received is an example of v
classification.

clustering.

o I regression. |

Reference:
https://docs.microsoft.com/en-us/azure/machine-learning/algorithm-module-reference/linear-
regression
https://docs.microsoft.com/en-us/azure/machine-learning/studio-module-reference/machine-
learning-initialize-model-clustering Regression is a form of machine learning that is used to
predict a numeric label based on an item's features.
https://docs.microsoft.com/en-us/learn/modules/create-regression-model-azure-machine-learning-
designer/introduction

FTEIRE: 45

WebF vy bRy FOFIXED L FUATETM?

A BFA—ILTERZZTAN A VvE—CORARIZEDVTEFA—INLAYyE—IUFIELVA
[CI—Ta 2T LET,

BVxIHA MDA UVE—Tz—ADS BEEDFEINTVEIAIRY FOFy MEAIZE
5 —MMGERICERAET,

C.¥FA RV TCHEEMNAALLEZOERICEHRL T BVGIEAEIERICHYRLEETES
KIITLET,

D.a Y — b0z THYA MZAASKLE 2 —DEENNEENNZHIL LEaL—ICE
RELIIRADEXFEEMLET,

Answer: (&% %K D)
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QnAMakerF Ly OR—ZIAMN L DIEEZRIET 5WebF vy bRy kABHY FT,

Ry bA—HF—T4—FN\V I ZFEALT HEOKEBLE EHIEEOHERZRLIE S &
ST ERELAHYET,

fAlIZESIRETTM?

A F—7JL—X#H

B. BIFESHT

C.ESxzZROYwYY

D.7UT475—=2%
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Answer: D (A —vyt—T%EY)

Reference:
https://docs.microsoft.com/en-us/azure/cognitive-services/qnamaker/how-to/improve-knowledge-
base

A7 Al-900J fERESE [ GoShiken.com MRt ENF=&H& L9 LY Al-900J FAERfERESE !
GoShiken.com M ExFHTD Al-900J FAERMEIREE 1Rt L TLVET, GoShiken.com Al-900J FXER
MRBIIRERH T BENEETIIVET, ®RETD GoShiken.com Al-900J fHEEE4S Y 95
A& Z 5 5 https://www.goshiken.com/Microsoft/Al-900J-mondaishu.html (32530%OFF &%

A & IEfRfTE T 30%wiEAIEIS o — KF: Freepdfdumps)
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QnA Makeriiy bE, K< HHEM FAQR—UZFERALTHERLET,

Ry bELKYI—HF—TLYRY—IZFBICE, TODOREOCZOMDEEZEZEMT 2BELH
YET,

HE=IERZzT o EN?

A CEDEEEDLEWVMEZ LTS

B.70T475—ZVJ7%8HMTS

C.RILFA—CDEMEERT S

D. Fv bF¥ v hZEM

Answer: D (A —vt—U %Y

Reference:
https://docs.microsoft.com/en-us/azure/cognitive-services/qnamaker/how-to/chit-chat-knowledge-
base?tabs=v1

=HTRIRE: 48
R D ME % F B9 HAzureMachineLearning® 7L H Y £9, ETI/LIZIX, 50,000La3— K%
B ML—=V T3y BB YET . 72DV TILERDRIZKLET,

Datc | Time ' Mass (kg) | Temperature (C) | Quality Test
26/02/2021 | 15:21:07 2.108 625 Pass
26/02/2021 | 15:31-38 2093 624 Pass
200272021 02:32:21 2028 654 Fail

ROERAT—FAVKMIDVWT RTF— AV MHEDBESIE[EWVEBIRLET, FNLUNDE
BIE [WVWR])ZEEIRLET,
I UDBIRIEFAEFNIARS Y FO@EAHY =5,
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Statements
Mass (kq) is & festure,

Cuality Test is a label,

Temperature (O i a label.

‘Microsoft

Answer:
Answer Arca
l | ® f Stater cnic Yes No
M I C rO S O t Mass (kg is'a feature, o
Quality Test is a label. Q
Temperature (C) is a label.

HTERE: 49

RDERAT—FA D MIDWT RAT—FA Y FAtrueDIHEIE [[FWZEBIRLET, TN LSND
BRI [VWOR]ZEERLET,

I WEREZENRTNARS D FOMEENHY FT,

Statements F N\ - Yes No
Chatbots can only be built by using custom code. » U
The Azure Bot Service provides services th&cmbe usgd to host conversational bots.
Bots built by using the Azure Bot Sgmice 'Gan. Mmumcate with Microsoft Teams users.
Answer:
B Microsoft
Statements Yes

Chatbots can only be built by using custom code.

[ z

The Azure Bot Service provides services that can be used ta'host conversational bots.

Bots built by using the Azure Bot Service can/communicate with Microsoft Teams users.

=HTERE: 50

WebH 4 FEDF v bRy FERRETHIBELNHYET , Fryv bRy I ROFFAY
FOBHRICEODVWTCA—Y—DERMICEZDIRENHYFET

* MicrosoftWord FF¥ a2 AV FOER STV a—TFTa 2 THAF



*WebR—T DXL HHEM FAQ U X b
FEa1AD MNERETLEDICEDY—EREZFERTILENHYFETH?

A.QnAS —H—
B. Azureihy FH—EX
C. T*X b7 ¥

. EmeERLEGL
Answer: (&% %K= D)

Ex#TERE: 51

NESTREEDHICIE AEEETEIGA T a Vv EBRLET,

|v

Accuracy

Confidence

Root Mean Square Error
Sentiment

Answer:

Accuracy
Confidence
Root Mean Square Error
Sentiment VITC

AY; f
L r S

Reference:

[:;;;

is the calculated probability of a correct image classification.

is the calculated probability of a correct image classification.

-

LA

SOTT

https://docs.microsoft.com/en-us/azure/cognitive-services/custom-vision-service/getting-started-

build-a-classifier

Ex#THRE: 52

RDT—E2Ey FeFERALT HEDBEORAZREZ FRTILENHYFT,

[ First Name | LastName | Age | Education Level | Income Range
Olando | Geé =~ =~ |45 University 25,000-50,000
Keith Harris 36 High school 25.000-50,000
Donna Carreras 52 University 50,000-75,000
Janet Gates 21 University 75,000-100,000
Lucy Harrington | 68 High school 50,000-75,000

WREE LTHERT ABENHD2DOD T4 —ILFIEENTI N ? TNENDERFETTEERRIRE

ZIRTLET,

I DEREERENIRS O FOEENHY £9,

A.HBELARNIL
B. &
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C. &Fih
D. UX A &5 B
E. &

Answer: (&% F&K<9 B)

First Name, Last Name, Age and Education Level are features. Income range is a label (what you
want to predict). First Name and Last Name are irrelevant in that they have no bearing on income.
Age and Education level are the features you should use.

Ex Tt E: 53

A E1—4—EDI3VY—EXRZBEULGA T/ O0—FRIZEHEFET,
EABICF BRI LEY G —ERZRBADT -/ O—FIZ ST LET , FY—ER
FABREFERTAICEL EHEFEATLI LD Fo<KERALBNI LI TEFET,

Services :

FEELL—HIT ST RS Y FOEEAHY £,

NA:, | cApswét Area

Azure Al Custo Vision /] DU L o = s
|Ex1ract information from scanned forms and invoices.
Azure Al Document Intelligence Analyze images and video, and extract descriptions, tags, objects, and text.
Azure Al Vision | \ W B 4 Train custom image classification and object detection models by using your own images.
|
Answer:
Services
Answer Area

Azure Al Custom Vision

Azure Al Document Intelligence

Azure Al Vision

E#TfERE: 54

XZEZELSTERSEDE

Azure Al Custom Vision Extract information from scanned forms and invoices.

Azure Al Document Intelligence | Analyze images and video, and extract descriptions, tags, objects, and text.

Azure Al Vision Train custom image classification and object detection models by using your own images.

ATEBEIRLTLEES Y,

Answer Area
| Regression ¥ | midels can be'ised to predict the sale price of auctioned items
Classiicamon
Clistening
IVIICFOSOTTL
Answer:
Answer Arca

/ i rOc O L,
IILITUDOO0OI L
l Regression v | Mmodels can be used to predict the sale price of auctioned items.
Classificauon

Clustering
C — e —

Ex#TERE: 55
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HARASHELE WILP)ZFERAL T, A——DTFXAFAAICEDVWTROT I aVEETT S
Fry bRy FEBEBELTVET,
BEEOEIXZEZITANET,

*HR—MRFXa2 AV NERBLET,
CENRT—RARADEFHERF/LET,

EDZ A TONLPEZERT HILELNHYFEITH?
AEEBETIVY

B. BIESHT

C. Bl F &AM

D. R

Answer: C (A —yt—T#ET)
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ERNENOLUEE L ETEREEME T HI121E, ED Azure Al Document Intelligence EHIHEEF
HAETINEFERITNIELNTTH?

A.LATIk

B. — MG XE

C. 2%y

D.

Answer: B (A —vt—T#ET)
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YOGS RAEMTTVERADEEFTwitterlTIRBT5F v U T4 —A RV FEEELTUVET,
RDEBEHWZH-IBEEDHE)IA—FTEHELIICTEIRLENHYFT,
1DFLIFEROEZEDFET,

YT RENTTORIARDLGECEBIAEENRT LS,

BERZDNT 5-OIAZzFERTILENHY EFITMN?

A. FaceY—E X CTOREHE %

B. Facety—E X TORHIRE

C.OYEa—43—E a3 Y —EXTOEEZRDIRBERE
D.aVEa—4—EY 3 Y —EXTOEBRDSHTIRE

Answer: B (A —vyt—T%EY)

Reference:
https://docs.microsoft.com/en-us/azure/cognitive-services/face/overview

Ex#fERE: 58

BREBSOHANCEEDE A TOBASENE (NLP) T T4 T4 AMERAESNETH?
A.JR b+

B. ERKE

C. HFE
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D. EED/\ 22—V
Answer: (&% &4 D)
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BREEET I ZEULGHRICEESEET,

BEZBICIE ERDINSEHRETILEZERORAICKS VI LET  KETIVE 1 EFERT
52 ¢ BHEFERTSICEE FoKFERALEVWIELTEET,
FEELL—HTH-UIZ1RA Y FOMIENHY £9,

Models y
(\YiiTal salat i s
Classification LI I i&H et machine learming model used 19

predict mumeric values.

I C'lustei'l'ng' A supervised machine learning model used o
predict Categones

- An unsupervised machine leaming model used 1o
Regression | group similar éntities based on features,

Answer:
Models Answer Areca

Classmcauon] Regression !A supervised machine learning model used to

| predict numeric values.

Clustering | Classificatiop] 1A supervised machine learning model used to
predict categories.

Clustering An unsupervised machine learning model used to
Regression group similar entities based on features.

Ex#fERE: 60
TEFRAMELTRESNTVARIREERLKR— L DAHY FET,
BREERTBHICE, LR— o EELGRAEZHET ILENHY FT,
EDFATOAIT—Y 00— FEFERTILENHY FITH?

CREETIL
B. EE#&RH
C. BRASENE
D.avEa—4—EP3>
Answer: C (A —vt—T#EY)
Key phrase extraction is the concept of evaluating the text of a document, or documents, and
then identifying the main talking points of the document(s).
Key phase extraction is a part of Text Analytics. The Text Analytics service is a part of the Azure
Cognitive Services offerings that can perform advanced natural language processing over raw
text.
https://docs.microsoft.com/en-us/learn/modules/analyze-text-with-text-analytics-service/2-get-
started-azure
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EXHTREE: 61
XZETTREEDHICE, BAEEETEIGA T a v EBRLET,

Answer Area

Data values that influence the prediction of a model are ¢alled -
dependant variables.
features.
identifiers.

o .
B8 \licrosoft labels.
Answer:

Answer Area MEUOS@ﬁ

Data values that influence the prediction of a model are calledy v
i dependant variables.

features.

identifiers.
labels.

A%h7: AI-900J RREE (X GoShiken.com AMEE S =& LT LY AlI-900J FHERREIESE !
GoShiken.com M &x#T D Al-900J FHERFIREE Z iR L TLVET, GoShiken.com Al-900J iXE&
BRBIERF T, MENEETIIVET, &HTD GoShiken.com AlI-900J BIEEE 7Y L9 %
AlE Z B 5 https://www.goshiken.com/Microsoft/AlI-900J-mondaishu.html (32530%OFF R 8 &

B L BT E T 30%wiFAIEISIo— F: Freepdfdumps)

XHTREIE: 62
XEELSTERSEDAEAZTRRLTLLZS N,

Conversatonal Language Understanding
Custom Vision

Answer:


https://www.goshiken.com/Microsoft/AI-900J-mondaishu.html

semwice can be used to extract information from a driver's license to populate a database.

TEE: 63

Azure OpenAl GPT-3.5 KIEESEETI/L (LLM) #FA L TN AERICEZT S5 F vy b
Ry bAHYET , Fry bRy FEEFREICHBALTWSE 2 DDRT— AV MEENTTH?
TNTNDOERIIELHMBREREZRLET,

I RERT RS bOMESHY FT,

A.Fry bRy NIEBRZEHZITODIZELTVET,

B. VSO T4y T—3%#FRALT Fry bRy FOBEAZFIBTEET,

C.Fxv by NEIFREELT—2 TILET HAREENHY FT,

D. F¥v bRy FMIBICEEET—2ZIRELET,

Answer: (&% RTT 5)

*HTERE: 64

MEDA—R T —RIEFTITHM?

CHIRICAIEFEELEMNMIE IV T IO —E— % AR EFRILET,
EBRONBTZEAMMTL BLULE-BOEREZIL—TIET S
CHENSBISEFEFTCOERICEDOVWT EMBEEZFEALTHETINES>HLEZFRTS
BEDL—RABEICEDVWTHIANL—REETTIDICHMISERMZEFATS

Answer: D (A —yt—T#ET)
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d\

OO0 w >

= HTEIRE: 65

T—ADEE S 21— )LEEL AzureMachinelLearning/Sf TS5 4 V& Y £9°, Split Data®

2 a1 —JLIE TrainModel €Y 1 —JL & ScoreModel E a—ILICHALET . T—4HEED 21—
IVDREIEfRI T A ?

A T—ARRELTWALO—FETFESED

B. ETILICEHILEDHDHINERRT B

C. hL—ZVUJBLURIAT—2 Y FOIERK

D. —E L-HBHBERNICIRES LS ITHEEREZRTT—)VTT D

Answer: (fAZ % FRTd D)
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EQVFIVATHF—TL— A ZERATILENHYETM?

A —EDFFa AV bEEREN B VEEICHRT S
B.A—TAX SV IICEDVTETADF YT avaERT S
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Answer: C (A —vt—T %KY

BT RE: 67

XETEHSESHICE, MERETEIGA T a v EBIRLET,

Angwer Arca

Fh.-’lumlng & Doundeng BOx Thal indiCales The IGEation ORBYahacle in an AMS0E 15 A example o

Answer:

Answer Area

Returning & bbunding box that indicates the location of & vehicle in an image is an exampie of

Bl RE: 68

imane classification
oipect detection.

optical character recognition (OCR)
facial detecton

image classification

object deteclion
optical character recognition (OCR).
facial detection

BHARESEWNEZFAL T, MicrosoftZ—1—REBENDTIX FEWNELET,

ROBRISRIBAZZITIRY T,

FOr WESKS NOW, STUJENTS and Teacners
have been settling into the uncharted
routine of distance learning. Today [
want to thank all of the educators who
are connecting classrooms and
classmates together in the sudden shift
to remote learning. This change requires
everyone working together and is unlike
anything we've seen in the modem
history of education. We've seep
countries, school districtsand
universities move rapidly into remote
learning environments with Microsoft

Teams being used in 175 countries by
1822 000 institutinne

naw [DateTime]
students [PersonType]
teachers [PersonType]
distance learning [Skill]
Today/[DateTime Date]l
ducatbrs [PersonType]
classrooms [Location]
classmates [PersonType]
remote learning [Skill]
history [skill]
education [Skill)
remote learning [Skill]
Microsoft [Organization]
175 [Quantity-Number]
183,000 [Quantity-Number

EDZA TOEASERENRTSNELA?

A. entity recognition

B. key phrase extraction

C. sentiment analysis

D. translation

Answer: A (A —vyt— )

https://docs.microsoft.com/en-us/azure/cognitive-services/text-analytics/overview You can provide
the Text Analytics service with unstructured text and it will return a list of entities in the text that it
recognizes. You can provide the Text Analytics service with unstructured text and it will return a
list of entities in the text that it recognizes. The service can also provide links to more information
about that entity on the web. An entity is essentially an item of a particular type or a category; and
in some cases, subtype, such as those as shown in the following table.
https://docs.microsoft.com/en-us/learn/modules/analyze-text-with-text-analytics-service/2-get-
started-azure
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RDERT—FA D FZDOWT RAT—FA Y AtrueDBEIE [IFWNZEERLET, ZNLUHND
BEIF [WWRIEBRLET,

L UDEBIRIZENREFNIRS > FOMMELAHY £9,

Statements Yes No
You can use QnA Maker to query an Azure SQL database: O O
You should use QnA Maker.when you want.a knowledge base to provide O (@)

the same answer to different users who submit similar questions.

The QnA Maker service—can ge;el\mpneme inter ]Dfa user utterance. o o

| |
B o
_ ¥ S A b

Answer:

Statements

You can use QnA Maker to query an Azure SQL database. O

You should use QnA Maker when youwant a knowledge base to provide @
the same answer to different users who submit similar questions.

The QnA Maker service can detefmine the iptent of a user utterance. O
IVIICTOSOIL

Reference:
https://docs.microsoft.com/en-gb/azure/cognitive-services/qnamaker/concepts/data-sources-and-
content

https://docs.microsoft.com/en-us/azure/cognitive-services/luis/choose-natural-language-
processing-service QnA maker conversational Al service and has nothing to do with SQL
database You can easily create a user support bot solution on Microsoft Azure using a
combination of two core technologies:

- QnA Maker. This cognitive service enables you to create and publish a knowledge base with
built-in natural language processing capabilities.

- Azure Bot Service. This service provides a framework for developing, publishing, and managing
bots on Azure.
https://docs.microsoft.com/en-us/learn/modules/build-fag-chatbot-qgna-maker-azure-bot-service/2-
get-started-gna-bot LUIS is used to understand user intent from utterances.

Creating a language understanding application with Language Understanding consists of two
main tasks. First you must define entities, intents, and utterances with which to train the language



model - referred to as authoring the model. Then you must publish the model so that client
applications can use it for intent and entity prediction based on user input.
https://docs.microsoft.com/en-us/azure/cognitive-services/luis/choose-natural-language-
processing-service

ExFTTERE: 70

RDBEAT—RADVRMZIDWT RT—FAY MDtrueDIBEF [TV ZBIRLET, FRLUSND
BEIE [WLWWWR]IEERLET,

I WERIIERENIRAS > FOEELSHY F9,

Statements Yes No
A webchat bot can interact with users visiting a website O O
Automatically generating captions for pre-recorded videos O O

is an example of conversational Al

A smart device in the home that responds to questions such
as “What will the weather like today?” is an example of ) O
conversational Al

Answer:

Statements Yes No

A webchat bot can interact with users visiting a website O O

Automatically generating captions for pré-recorded videos ) ©
is an example of conversational Al NG

A smart device in the home that responds to questions such

as “What will the weather like today?” is an example of %)
conversational Al
Reference:

https://docs.microsoft.com/en-us/azure/architecture/reference-architectures/ai/conversational-bot
https://docs.microsoft.com/en-us/azure/bot-service/bot-builder-webchat-overview?view=azure-
bot-service-4.0

HTERE: 71
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Answer Area

Statements Yes No

A smart device in the home that responds™to questipns Stichias SVhen iy next
appointment?” is an example of ceavergational Al

An Thteraclive vIBOChAt featute omafompany website can be implemented by using Azure
Bot Seniice

Automatigally generating captions for pre-recorded videQSiS an #xamplé df (OnVeganidnal

Al
Answer:
Answer Area
Statements Yes No
A smart device in the home that respands to questions such as “"When is my next D
appointment?” is an example of conversational Al
An interactive webchat feature ona company website can be implemented by using Azure D
Bot Senvce
Autamatcaly deode tng 2 IREns Cr Ty Te3Prded videos is an example of conversational [:]
Al .
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HEEUE FEEY—ERI-—CzV brOF—LEZEALT BEICBELEFA—LOYKR—
FERELTOET,

F#tE, —ROCEEOEMICESEEZRMLT SWebF v v bRy FZERFELTLET,
WebFv v bRy bV a—SavEERLERBR SHEEDEDRALEDA ) vy FEHFT
BPMLENHYFITH?

A HaDEHEMEDRE

B. IRAX—HY—ERXRI—Cz Y bOEEEROER

C.5E LD

Answer: (& Z %R 9 B)
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EBRADELANERINTEITT) EEBETIVLELNHY FT,
EDH—ERZFERTILENHY FIH?

A. Azure OpenAl 4—E X

B. Azure ¥ FE

C. 25ER S553E M (CLV)

D. 7X—JL-7IL Jq4Tar

Answer: D (A —vt—T %KY
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B. h\L—Z=ZVJ IV RRA B

C. &+ —

D.RESTT Y FRA >k

Answer:C.D (A —vt—T%EY)
https://docs.microsoft.com/en-in/learn/modules/create-regression-model-azure-machine-learning-
designer/deploy-service
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Answer Area
v+
The ability to extract subtotals and totals from = receiptis @ capabﬂity“b;{he ¥  senvice.
Custom Vision
Form Recognizer
Ink Recognizer
Text Analytics
Answer:
Answer Area
The ability to extract subtotals and totals from a receipt is a capability of the ¥ service.
Custom Vision
|{Form Recognizer |
Ink Recognizer
T8xt Analylics
Reference:

https://azure.microsoft.com/en-us/services/cognitive-services/form-recognizer/
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Tasks

1 8

grouping | ggrggg ?lmages of a face belong to the same

| identification - ‘ Does this person look like other people?

" similarity | ' : ‘ Do all the faces belong together?

verification 1 Who is this person in this group of people?

Answer:
Tasks Answer Area
I grouping ' werification ' i 4 ngs h:_ﬁr;mages of a face belong to the same
IW p ___; NeBoes this person look like other peopie?
! @F o Do all the faces belong together?
wn:mﬁ”: oSO ‘ _h Who is this person in this group of people?

Reference:
https://azure.microsoft.com/en-us/services/cognitive-services/face/#features

A7 Al-900J RIRESE (X GoShiken.com ARSI F-EHK L LY AI-900J HERREIRELE !
GoShiken.com M EFHTD Al-900J FAERMFEIREE 1Rt L TLVET, GoShiken.com Al-900J FXER
BEIIRERHF T BENEETIINET, HFD GoShiken.com AI-900J fIREE %4 v L3 5
A& Z 5 5 https://www.goshiken.com/Microsoft/Al-900J-mondaishu.html (32530%OFF zE 5%

B L EfRTE T 30%wHRIEIS0— F: Freepdfdumps)
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REDFBELT IO T—2HOBGREMETLSIZLE, EDEATD A T— 00— FDHI
TIH?

AFLyogA4=0y

B.avEaxi—4% EY3y

C. EERH

D. BXASFENE (NLP)

Answer: A (A —vyt—J %K)
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Answer Arca

A historian Can use to digitize newspaper articles,
facial analysis
image classification
object detection
optical character recognition (OCR)

Answer:

Answer Arca

A historian can use to digitize newspaper articles.
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XZEELSTERSEDEZAZTRRL T LS,

Arviares Afeda
When buildeng & K-meéand clusiening moosl sl fatiees must have 3 data type of FildrTid -
boolean
nkeger
g rumenc. |
LS ..I:' ?-‘ :\_ 1 E,rt'l'
Answer:
Arfwer Area - -

When building a K-meaans custenng modsl-all faitunss ! hive a data type of Pl -
boolean
integer
TR
el
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BEARV)21—2 3 vEFERTELCFVFIE20HY FITH ? TN ENDIEREITITELLAEIR

KERILET,

I WOEBRIEENRENIRS > FOffEELAHY £,

A ToXF—%2FRALTEREICANEINEZILDY b H— FEESEZHEARTBBER

B.—21—XRBEDSA TXv T avEERT S
REBOBRENOF—DTL—XEHETS

D. JLANV—ICBERECETaAVE L1 — 42— —LDAFY SV 32—

Answer: AD (A —vt—T%EY)

Azure Text to Speech is a Speech service feature that converts text to lifelike speech.

Reference:

https://azure.microsoft.com/en-in/services/cognitive-services/text-to-speech/
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Answer Area
When evaluating the performance of a model, the | confusion matrix ¥ Jydisplaysithe predicted and actual positives and negatives by using a grid of 0 and 1 values
AUC metric
confusion matrix
ROC curve p—
threshold B I\ &
Answer:
Answer Area
When evaluating the performance of a model, the | confusion matrix  § displayfthe préghcied and actual positives and negatives by using a grid of 0 and 1 values.
ALC metric
confusion matrixe. |
ROC cumm
thueshold
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BEIFAIVRATLEZBELTVET,

Y—EANETEHSAICET S50V T FOEREDRNZERICH T EHIZ, EDF R
DEEBHRIBENHYFITH?

ATRTOEDATIIZ R )=V ) =5 —THRARADETIR MHBEERMTLATNS I E

EHERBLET,
B. B8R —) VI EHMILT H—ERRFEICEDODVWTRY—YvFEhbd&5IZLE
-d—o

C.RHARENI—FRZTNAVITEIDICTRIDFFIAVIERHELET,

D. hL—Z=VJT—4ty FPBEAEZRKXL TSI LEHERALET,

Answer: C (A —vyt—T#ET)

Reference:
https://docs.microsoft.com/en-us/learn/modules/responsible-ai-principles/4-guiding-principles

B FTiEIRE: 83

EEME IO Y FTIEI, BRIEESNNELZ 1 FI2HE IR v VEBOESRE
SNFKRRELGT—2 €y FEFERLET,

BHFEEZFEALC BEBEANLEL—F BRI BEBAOIEIETLRELS 4 TORLE
HEYR— T O2RENHYFET,

IhiE EDZA TORMFBEDH TT M2

ADSRAYVY

B. ElIF

C. %8

Answer: C (A —vt—C#7%Y)

Reference:
https://docs.microsoft.com/en-us/learn/modules/create-classification-model-azure-machine-
learning-designer/introduction
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viicrosotrt

You Can use LANguage Service's guestion answerng 1o query an Azure SOL database,

You should use Language Servite's guestion answenng when you want a knowledge base 10
provide the same answer aifferent users wiho sulbbmit similar guestions.

Languasge Service's quettion anewering can determing the intent of & uter UITersnde

Answer:

No
# dfe SQL database. & D

e cﬁanswenru;; when you want a knowledge base 1o D
nt users who submit similar Cluestons

ce's question answering can determine the intent of a uttquT C rO SOft D

=#TEIRE: 85

BT TILNOERBRT—FEETCT 2y FOHYFET,

YUOTILDEEIZEDVWT YU TSR ONIIRILY—=2FATILELNHYET,
EDFAATDOALT—H O—REFERTIDLELHY TTH?

A. [ElF

B. 7%8

C.rLuorA4=2y

D.VSRAYVY

Answer: A (A —vt—T %KY
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I ODBRREEFAFRIRS D FOMENAHY T,

Statements Yes No
Providing an explanation of the outcome of a credit loan application i’s. O O
Pmemnmle of the Microsoft transparency principle forrésponsible Al.
&l_na I.tgl Elgﬁglgl ance daimbased oninjuries is an example O O

of the Microsoft reliability and saféty prineiple for responsible Al

An Al solution that is offered at different prices for different sales ternitories is O 0O
an example of the Microsoft inclusiveness principle for responsible Al.

Answer:



https://www.jpnpdf.com/Microsoft.AI-900J.v2025-06-14.q118-mondaishu.html

Slaements _ TES NO

Providing an explanation of the outcome of a ciedit Ioan appllcahon ls @ O
an example of the Microsoft transparency principle forresponsible Al.

A tnage bot that prioritizes insurance claims based on injuries is an example O
of the Microsoft reliability and safety principle for responsible Al.

O]

An Al solution that is offered at different prices for different sales territoriesis O O
an example of the Microsoft inclusiveness principle for responsible Al.
Reference:

https://docs.microsoft.com/en-us/azure/cloud-adoption-framework/innovate/best-practices/trusted-
ai
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AT FEFEALTRAY— b T/N\A R 4T HHREZ 11— —ICTIRET HAIV 1) 2 —
avhhbyFET,

V) a—2 3 UhERTL2EEOEAREELNE WLP) V- 0—FRIEENTIM? ZNTIhD
FREF BREO—HERLTUVET,

VBRI ZENENIRS Y FOMELAHY £,

A. #ER
B. ¥— 7 L—X#iH
C. %?EE’SE

D.EEEETVVY
E. TXX bitAH LT
Answer: B,C (A —vt—2%5&9)
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Workiosd Types AP Acaft

HEPLIPIN
Image classification o b il et o

| Generate captions for images.

Obgect detecton Extract movee tithe names from masie poster images

Locate vehicles in images

Optical characier recogmition (OCR)

Answer:
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‘Workioad Types

Image clasiification Image lassification Generate captions for image4

Obect detection Dptical gharacter recognition (OCR) Extract movee litls named from movié poster image

al charactes recogrinon (OCRL . Object detection Locate vehicles i images
e BM Microsoft —

&
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KABRFEEINEZX T EHA—FOHETFTATZICIE, EDFA TOEMEEEFERT I2LELNHY
FIM?

A. 958

B.V3R&)VY

C. [El)F

Answer: (B& % XRTT D)
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m'mr& .
Microsoft g0\
.I'A. randomly extracted subset of data from a dataset n t,ﬂ;ﬂmmﬁ- -.Her.i Fu Eﬁéiirﬁ *  of the mode

=

features
labels
validation
Answer:
B
m— Microsoft
A randomly extracted subset of data from a dataset is c@mmonly uSed for Heatures ¥ of the model.

algorithms
labels
validation
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Answer Area

w IS used to generate additional features.

Feature engineering
Feature selection
Model evaluation
Model training

" e |
i ' = — - T = Ny, e
, I\ ViEVlal &l s "
LY [ { 0
B AERA™I Y. L

Answer:

Answer Area

v isusedto generam additional features.

Feature engineering
Feature selection
Model evaluatiph,
Model training ' *

m .

ViV T ~ ==

b FiraC MmT1
IVIICTOSOITL

Reference:

https://docs.microsoft.com/en-us/azure/machine-learning/team-data-science-process/create-
features
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B.BHDETIERKICIL—=UTLTNATA—IURERALESED
C.ETILDIL—ZVJICEREINGEN -T2 ZERALTETILETALT S

Answer: C (A —vt—T%#ET)

The goal is to produce a trained (fitted) model that generalizes well to new, unknown data. The
fitted model is evaluated using "new" examples from the held-out datasets (validation and test
datasets) to estimate the model's accuracy in classifying new data.
https://en.wikipedia.org/wiki/Training, validation,_and_test_sets#:~:text=Training%20dataset,- A
%20training%20dataset&text=The%20go0al%20is%20to%20produce,accuracy%20in
%20classifying%20new%20data.
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XZELSERSEET,

Answer Arca

In 2 machine learming modell the'data that is used as inputs are called

Answer:

Answer Arca

In 2 maghine learning model, the data that is used as inputs are called
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Azure OpenAl GPT-35 ETILEHERAT S F vy b V) a—2aoh b K YEMBREEERT
BICIE, EDNFGA—F—%BHT IRENHY FIH?

A BXKEE

B.ZL—47 2R

C. TLEVARFILT«

D.BE

Answer: D (A —vt—T %KY
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HEEOEMEYIs oy FEEELTLET,
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A QREZLEDI>OREE

B. Custom Vision #7 < = - h&H
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D.aYEa—% EDa DEMMS
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BADTOANLBEEDRIALY D IVIZSRLVEMITIETILEERT IBHENHY ET,
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C. 7RX—ILTFIEEE

D. Azure Al Document Intelligence

Answer: A (A —vt—T %KY
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Answer Arca

Predicting how mang.hours of overtime a delivery person will work based on the number
of ordecs recéivedis an example of

classification.

clustenng.

PO IESSIonN. ~

Wak
Answer:

plE\JI.C‘II‘Iﬂ oy manv-ﬁours of overtime a delivery person will work based on the numiber
of oraers fecelvea IS an example of

g
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D. o —4 U R%E{ELL

Answer: C (A —vt— U %7%9)
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Achieving transparency helps the team to understand the data and algorithms used to train the
model, what transformation logic was applied to the data, the final model generated, and its
associated assets. This information offers insights about how the model was created, which
allows it to be reproduced in a transparent way.

Reference:
https://docs.microsoft.com/en-us/azure/cloud-adoption-framework/innovate/best-practices/trusted-
ai

https://docs.microsoft.com/en-us/azure/cloud-adoption-framework/strategy/responsible-ai
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Azure Al Y —ERF@BULRT I avIi—BIEET,

EZ&3 5IC2IE, ZRADINSFEU LY —EREZGRDT I avICKSy I LET EY—ERX
(. 10, EHE, FEFEFCKERASNEGENEELHY FT,

FEERBILICIRA U AT ESNET,

Azure Cognitive Services Answer Area

1 AL . . W

j3 AIUME Al Languagey ¥ Comert spoken requests into et

Answer:

Arure Cofrutnmg Serncet ANTwEr Afba

AT 101

BREDHMICEELEE2 I O—ORICET 2IEHREELCT 42ty MBHYET,
RO —DROEEZFRTAHICIE, ETILENL—ZVITTEIRENHYET,
WL LT ZERYTORENHYFEIN?

AT—31y FADE I O —DROH

B. B<D% U —Di&ENTRRE

C.HBADZHV L —DRDEE

D. BRDAE YV —DiRDIRITID

Answer: (&% &RT9 5)

The label is the column you want to predict. The identified Features are the inputs you give the
model to predict the Label.

Example:


https://www.jpnpdf.com/Microsoft.AI-900J.v2025-06-14.q118-mondaishu.html

The provided data set contains the following columns:

rate_code: The rate type of the taxi trip is a feature.

passenger_count: The number of passengers on the trip is a feature.

trip_time_in_secs: The amount of time the trip took. You want to predict the fare of the trip before
the trip is completed. At that moment, you don't know how long the trip would take. Thus, the trip
time is not a feature and you'll exclude this column from the model.

trip_distance: The distance of the trip is a feature.

payment_type: The payment method (cash or credit card) is a feature.

fare_amount: The total taxi fare paid is the label.

Reference:

https://docs.microsoft.com/en-us/dotnet/machine-learning/tutorials/predict-prices
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Answer Area

A banking system that predicts whether a loan will be repaid is an example of
the w type of machine leaming.

classification

regression

gusiaung: . 2. 1% re
4‘ ] | F::\-f :I. M -': '-.-_.f.I Car

Answer:

i Microsoft
A banking system that predicts whether a loan will be repaid is an example of
the + type of machine learning.
classification

regression

clustering
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D. 54 JETARMN)—LTHYDZIEEZHANT S
Answer: (&% &4 D)
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Azure OpenAl ® RESTAPI TV FRA U MIU VIR MEFEETHIZIFEDHAZHERT 00
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A. CSV

B. YAML

C. XML

D. ISON

Answer: D (A —vt—T %KY
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When developifig ‘ah AT 'system for self-driving cars, the Mieragoft
for responsible AT should be applied to ensure consistent operation

InClusnvensss

accountability
relabibty and safety
|fairness

system during unexpected eircumstances.

Answer:
When developing an Al system for self-driving cars, the Microsoft ~ principle
for responsible Al should be applied to ensure consistent operation |'mm’:l“ - of the
system during unexpected circumstanices.
=Microsoft [faimess '
Reference:

https://docs.microsoft.com/en-us/learn/modules/responsible-ai-principles/4-guiding-principles Al
systems should perform reliably and safely. For example, consider an Al-based software system
for an autonomous vehicle; or a machine learning model that diagnoses patient symptoms and
recommends prescriptions. Unreliability in these kinds of system can result in substantial risk to
human life.
https://docs.microsoft.com/en-us/learn/modules/get-started-ai-fundamentals/7-understand-
responsible-ai
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Answer Area ' . -

LS
- to explore the distribution of values in potential feature columns

R EARA™
In Azure Machine Learning designer, you use the Dataset output vistilization teature L
Normalize Data module
Select Columns in Dataset module

Dataset output visualization feature
Evaluation resultgVistialization feature

Answer:

Answer Area
In Azure Machine Learning designer, you use the Dataset output visualization feature w | to eéxplore the distributionof es in potential f.eatwe columns
Normalize Data module
Select Columns in Datasetmodule
Dataset output visualization feature
Evaluation résults visualization feature
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Predicting how many vehicles will travel across a bridge on a given day Is

an example of -
classification.

clustering.
egréésidn SOTT

Answer:
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Predicting how many vehicles will travel across a bridge on a given day is

an example of v
classification.

clustering.

[Fearession” | =4“IVIicrosoft
Reference:

https://docs.microsoft.com/en-us/dotnet/machine-learning/resources/tasks
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XZELSERSEDIEZZRBRLTIES Y,

Answer Area

Ensuring an Al system does not pr Q‘cnon when important fields contain unusual

Answer:

Ensuring an Al system does not ploﬁde a bfemcnon when important fields contain unusual
or missing values is  a ppvagzand semnty ¥  principle for responsible Al

—f M”E’?”é”?oft
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Answer Area

Identifying whether a kiosk user is annoyed by mnmU feed from the

=%Q“ . Itmg.nitimtﬂtn}.

Answer:



Answer Area

Identifying whether a kiosk user is annoyed by monitafing des fedd4raniehe
kiosk is an example of facial analvsis v

face detection

facial recognition
optical character recognition (OCR)

AT 11

Azure MachineLearningCTR— Y D —H AR—RETI VA —TSAXT—Y AR—ZADE S
LEERTHEINZIFELTULET,

IVR—TF3ARXT—YAR—REBELT H2DDRIRVIEATEIN? TN ETNDERITTSE
BRREERTLEY,

F I OBERIEENZENIRAS O FOEESAHY T,
ATZ74DhNA—F—A23—Tz4 R GUNZFERALT BESRHFEEERZETLET,
B.7—VRT—>3 e LTHERATSIAVEL—TAVIAVREVREERLET,
C.US74ANA—HF—A422—T 4R GUI)ZEEHL T, Azure MachineLearning7H 4
T OB FERREERLRLIVERITLET,

D. aYRYYE CSV) 7 7ML T—2 Yy bEERLET,

Answer: (fRZEZ%RTT B)

Note: Enterprise workspaces are no longer available as of September 2020. The basic workspace
now has all the functionality of the enterprise workspace.

Reference:

https://www.azure.cn/en-us/pricing/details/machine-learning/
https://docs.microsoft.com/en-us/azure/machine-learning/concept-workspace
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Azure Machine Learning Studio & BE)## % (Automated ML) 2R L TETILEZBES LU
FL—Z2VT09BFETYT,, RIIAEERT HSLENHY FITH?

A BHFEET—I AR—Z

B. Jupyter/ — kT w4

C.&fxshf=T—42tv +

D. MBEFETH A F—1 1TS54

Answer: A (A —vyt—T%EY)
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A. EERRH

B. FXFiE# (OCR)
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AR BV EEMEEETILEBELET,

ZZBHIZIE, ERADIN B RETILERROLFIVXICESY ST LET FEETIIUIE 1 ESE
(HEAT AL EREFERTEIEE Fo<FALEVWIELETEET,

S ELCGBIRT BEUIC1 RS Y FOEELHY £9,

Models Answer Area
Classification < |Assign categories to passengers based on
demographic data.
Clustering [ ] Pled.ict the. amount of consumed fuel based
on flight distance.
: Predict whether a passenger will miss their
Regression flight based on demographic data.
Answer:

Models Answer Area

Classification Classification Assign categories to passengers based on

demographic data.

Clustering Regression Predict the amount of consumed fuel based

on flight distance.

; b Clustering Predict whether a passenger will miss their
Regression n L Ul flight based on demographic data.
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A EBEROHBAZLET,
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C.AT Y bEBRHELET,
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Answer Area

Statements Yes No

When creating an object detection model in the Customi Vision service, O O
you must choose a classification type of either Muitilabel or Multiclass.

You can create an object detection model in the Custom Vision serviceto O O
find the location of content within an image.

When creating an object defection model in the Custom Vision service, QO O
you can select from a set of predefined domains.

Answer:
answer Area

Statements Yes No
When creating an object detection model in the Custom Vision service, O

you must choose a classification type of either Multilabel or Multiclass.

You can create an object detection modeél in the Custom Vision semice lo ki
find the location of content within an image.

When creating an object delectian model in the Custom Vision service, |0 O
you can select from a set of predefined domains.

Reference:
https://docs.microsoft.com/en-us/azure/cognitive-services/custom-vision-service/get-started-build-
detector
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Azure OpenAl H—ERXRZHFUET=DITFERATES 2 D2DY—ILIEENTTHN? TAhETNDIE
RIETEEHEREETRLET,

I ERERIE RS FOMEEIHY F£9,

A. Python F Azure SDK

B.Azure Y R34 432 —TJ x4 X (CLI)

C. Azure REST API

D. JavaScript /| Azure SDK

Answer: (&% %XT9 D)
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Answer Area
Statements

Azure Machine Learning designer provides.a drag-and-drop visual O
canvas to build, test, and deploy machine leaining models.

Azure Machine Learning designer enablés you to save your progressas O
a pipeline draft.

Azure Machine Learning des?ner enables you to include custom @)

JavaScript functions. M |] Cros @.ﬁ:;ﬁ:

Answer:

Answer Area

Statements

Azure Machine Leaming designer providesa trag-and-frop visual @
canvas to build, test, and deploy machine lea_rning models.

Azure Machine Learning designer eiablés you to save your progress as
a pipeline draft.

Azure Machine Leaming designer enables you to include custom o

JavaScript functigis! '
’ ‘Microsoft

Reference:
https://docs.microsoft.com/en-us/azure/machine-learning/concept-designer
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